International Journal of Mathematical Archive-9(4), 2018, 96-97
@§mAvailable online through www.ijma.info ISSN 2229 - 5046

THE SQUARE ROOT TRANSFORMATION
MD NAJMUL HODA*

Research Scholar,
University Department of Mathematics,
T. M. Bhagalpur University, Bhagalpur, Bihar, India.

(Received On: 03-03-18; Revised & Accepted On: 06-04-18)

INTRODUCTION

Taking p =2, Z,= X" Z,= le’zli/nzthe equat{%l (1.1), we obtain the model
Y = ﬁo + ﬂlxl + ﬂzXZ + &. (12)

Thus there are many possible transformations, and models can be postulated which contain few or many such terms.
Several different transformations may occur in the same model. The choice of transformation would often be made on
the basis of previous knowledge of the variables under study. The purpose of making transformations of this type is to
be able to use a regression model of simple form in the transformed variables, rather than a more complicated one in
the original variables.

NONLINEAR MODELS THAT ARE INTRINSICALLY LINEAR

We can divide nonlinear models (i.e. nonlinear in the parameters to be estimated) into two types. One is called
intrinsically linear and the other is called intrinsically nonlinear models. If a model is intrinsically linear, it can be
expressed, by suitable transformation of the variables, in the standard linear model form of equation (1.1). If a
nonlinear model cannot be expressed in this form then it is intrinsically nonlinear. Some examples are given below.

1. THE MULTIPLICATIVE MODEL

By, o
Y =aX{ XyXze (1.2)

where «,f,y and & are unknown parameters, & is the multiplicative random error which has a continuous

distribution with mean 1 and some finite variance. Taking logarithms to the base e in equation (325) converts the
model into the linear form

log,Y =log, o + Blog, X, +ylog, X, +6log, X, +1log, ¢. (1.3)

The transformed model (1.3) is now in the form of equation (1.1) and so can be handled by the standard linear
regression procedures.

An alternative which is often considered applicable in this case is

N
Y =aX{ X5Xg +¢ (1.4)

This model is intrinsically nonlinear.

2. THE EXPONENTIAL MODEL

X+ o X
y = SO X (L5)

Taking natural logarithms of both sides

|Oge Y = ﬂo + ﬁlxl + ﬂzXz + |Oge & (16)
which is of the form of equation (1.1).
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3. ARECIPROCAL MODEL

1
Y = 1.7
ﬂo +,31X1 +ﬂ2X2 + &
Taking reciprocals on both sides
1
— =Byt AXyt ByXy +e (1.8)
Y
4. AMORE COMPLICATED EXPONENTIAL MODEL
1
Y = (1.9
Ba+Bi X+ Lo Xo+e
PO ERPYY
Taking reciprocals, subtracting 1, and then taking natural logarithm of both sides
1
|Oge —=-1 :ﬂo +ﬂlxl+ﬂ2X2 + &. (110)
Y

This is an example of an iterated transformation on the dependent variable in order to reduce a complicated nonlinear
model to a linear model.

In all cases, where the models are transformed as in these examples, the least squares analysis is applied to the
transformed model of equation (1.1), and so the estimated coefficients are “least squares estimates” only as far as
transformed model is concerned.

Two other examples of models which are intrinsically nonlinear are:
_ﬁzx
Y = ﬂo + ﬁle + &
X
and Y =By + BX+ By (B3) +e

From the above discussion we have seen that the use of transformations sometimes help to achieve the linearity of the
regression function. The transformations are also used to stabilize the error variance, that is, to make error variance
constant to all the observations. The constancy of error variance is one of the standard assumptions of least square
theory. It is often referred to as the assumption of homoscedasticity. When the error variance is not constant, over all
the observations, the error is said to be heteroscedastic. Homoscedasticity and heteroscedasticity are described below
with figures.
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